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Abstract

We aim to clarify the usefulness of different measures of economic resilience in the
context of global shocks. In relation to the Great Recession, Oil& European migrant
crises, and COVID-19, we compute and validate from a statistical point of view,
then characterize five metrics on 317 NUTS2 regions and 21 years. ROC curves and
Cox regression compare them by the capacity to predict the post-shock state. Heter-
ogenous behavior characterizes resistance, recovery, and loss. Furthermore, the non-
linear resistance performs best in future state prediction, while the composite index
has the lowest efficiency as a predictor of the regions’ recovery.

Keywords Unemployment - Economic resilience - Composite index - COVID-19 -
Cox regression - ROC curve

1 Introduction

Economic resilience has become a hot topic in the scientific world, especially after
the financial crisis of 2008-2011. After the COVID-19 pandemic, the increase in the
level of uncertainty has amplified concerns, as well as interest in the concept of resil-
ience among both policymakers and researchers. Consequently, the European Union
launched the Recovery and Resilience Plan in response to the pandemic crisis. The
funds reach €672.5 billion and are split almost 50-50 percent between loans and
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grants European Commission (n.d.). This plan aims to help countries withstand and
accelerate recovery after this pandemic. Following the restrictions endured during
the pandemic period, the invasion of Ukraine in March 2022 enhanced further the
global uncertainty. Although other countries relaxed or even eliminated the regula-
tions related to COVID-19, China maintained its “Zero COVID” policy until the end
of 2022. Blockages in the flow of goods closely related to the constraints imposed
on Russia complete the grey picture of the economic situation. In this context, high
unemployment level, large regional heterogeneity pointed out also by Lopes and
Sargento (2023), and soaring inflation rates dominate the world.

Federal Reserve and European Central Bank react and increase interest rates
roughly continuously reaching unexpectedly high, until the middle of 2023. Thus,
policymakers, media, international institutions, and scientists warn about a reces-
sion with the risk of severe economic crisis—yet another possible brunt. Then, the
European Committee of Regions understood the importance of economic resilience
and demanded a scoreboard to measure regional vulnerabilities. This move arises as
a defense instrument related to the slow and late response of the EU to the COVID-
19 pandemic. They argue that the EU cannot be resilient without its components
being resilient. However, based on the previous experience of contemporary shocks,
we know that the territorial units have heterogeneous reactions or responses to such
sudden events. Thus, the future behavior of the units after such circumstances is dif-
ficult to predict. The need to understand and measure economic resilience becomes
even more stringent in the current rather gloomy context.

Despite the widespread usage of the notion of ‘resilience’, Rose (2004), Christo-
pherson et al. (2010), Martin and Sunley (2015), Di Pietro et al. (2021), Elburz et al.
(2021) or (Haile 2021) point out the difficulties and debates linked to conceptualiza-
tion and definition. Furthermore, Elburz et al. (2021) underline confusion related
to resilience and inappropriate usage of the term. Challenges appeared not only in
defining and conceptualizing resilience but also in the ways to measure it appropri-
ately. From national to regional level approaches, the authors propose different solu-
tions for the concept and measures of economic resilience. Several scholars, among
them Fingleton et al. (2012), Giannakis and Bruggeman (2017), and Cappelli et al.
(2021), use a unidimensional measure. Others, like (Rose and Krausmann 2013),
(Stanickova and Melecky, 2018), and (Pontarollo and Serpieri 2018) use a compos-
ite measure, arguing that a multidimensional approach of resilience could assess bet-
ter the territorial behavior of a unit as a response to a particular anomaly. Additional
problems appear when composite measures evaluate resilience. They enhance the
debates linked to the concepts and measurement of the core notion Also, in an eco-
nomic resilience approach, each author adopts a concept and a model without hav-
ing the absolute certainty that it was the best or at least a good choice. Weinans et al.
(2021) present a global overview of resilience multivariate analysis as an amount
of loss. The authors present pro and contra arguments but did not find the "best
method". They suggest just a guideline to approach the resilience measure.

The current situation, dominated by atypical events and uncertainty, is favorable
to an economic resilience analysis. Among a wide range of areas of applicability, this
course debates economic resilience on a particular branch the regional labor market.
We measure the labor market resilience of regions after multiple crushes instead of
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just after a single event. In line with Fingleton et al. (2012), our aim emerges from the
assumption that more experimental results contribute to a better foundation. There-
fore, our central target is to provide a quantitative analysis that guides academics and
practicians in choosing the appropriate metrics to evaluate resilience.

Previous studies applied mainly Gross Domestic Public (GDP) or Employment
resilience. Our approach applies the unemployment rate based on many aspects. One
is that famous international institutions like the International Labor Organization
(ILO, n. d.) and the Reserve Bank of Australia (RBA, n.d.) underline that unemploy-
ment is (probably) the most used indicator on the labor market. Beyond this claim,
the unemployment rate is also widely used as an explanatory variable in prominent
economic laws such as the Okun Law and Phillips Curve. Further, the unemploy-
ment rate is also a mandatory source in other domains like psychology. Here, we
find a notable background (Moorhouse and Caltabiano 2007; Sojo and Guarino
2011) that links the unemployment effects on individual health. The current inquiry
does not land on a desert of science. Authors like Aksoy and Manasse (2018) and
Monastiriotis and Martelli (2021), dissected labor market resilience from an unem-
ployment perspective. Thus, the importance of the unemployment rate, the gaps in
the literature, and the controversies aimed us to present this work.

Although many studies claim spatial analysis approach, there is no agreement yet
about the best method. Then, despite an avalanche of resilience measures and tech-
niques, we focus on the well-known and largely used ones with high specificity in
the labor market. We start from the idea that a valuable resilience measure should
also tell us what will happen with the units after the strike. Furthermore, we evaluate
the resilience metrics by their capability to predict the final state at a given moment.
We consider not only the status of the unit but also the time elapsed from the begin-
ning of the kick to the moment of that status. Thus, the reader can find out whether
a particular region is more likely to recover or not after the crisis by studying the
values of genuine metrics like resistance or loss measured before the occurrence of
the final event, here rebound.

The paper has four sections: The first section harmonizes various concepts of
resilience, focusing on the economic and regional resilience notions. In a separate
paragraph of the same section, we describe five recognized approaches for resilience
measures previously applied in the economic arena. Section 2 deals with hypothesis
data and methods. The third section presents the results, and the fourth contains dis-
cussion and conclusions.

2 Main concepts and related literature review
2.1 The main resilience concepts
Dealing with a concept as old as the Latin, it is difficult to synthesize its entire evo-

lution in a few paragraphs. Despite that, we coalesce information related to this
complex term. Forward, we focus on resilience in the economic branch.
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2.1.1 Ashort historical perspective on resilience

The term seems to have origins in Latin from the verb “resilire” (Brinkmann et al.
2017). GoBling-Reisemann et al. (2018) claims also that terms like “resiler”,
“resiliation” or “resiliment” were frequent in the fifteenth century in the French
juridical language. Later after 1600, the term occurred in English, in physics.
According to Flemming and Ledogar (2008), the sense of resilience was “jump-
ing back”. In the nineteenth century, resilience came out in physical mechanics,
meaning the capacity of a material to resist shocks. GoBling-Reisemann and col-
leagues attribute to William Rankine the paternity of the shock resistance con-
cept. He defines the notion in a manual of technology. Further, resilience has the
meaning of robustness (Alexander 2013). Among others, Martini and Platania
(2019) or Elburz et al. (2021) suggest that the modern term was born in ecol-
ogy in the eighth decade of the XX century. In this field, Holling (1973) receives
the merit for the concept. Holling saw resilience as the capacity of a system to
absorb changes. However, Luthar et al. (2000) and Kolar (2011) considered Nor-
man Garmezy the pioneer of resilience research. They move thus the birth of the
concept two years early, in the work of Garmezy (1971). Despite the controversy
of its roots, after 1980, the notion spread its applicability and arrived in new
domains. We underline the most well-known and used in the next paragraph.

2.1.2 The concept of resilience by typology

The paragraph dedicated to the historical perspective emphasizes that resil-
ience fits with juridical and physical mechanics for more than 100 years. Also,
there is already half of a century since the modern term was used in ecology or
psychology. According to Brinkmann et al. (2017), the concept also appears in
engineering, technology, geography, or geology. Here, from a seismic perspec-
tive, Bruneau et al. (2003) see resilience as the capacity of a system to avoid a
quake, absorb it, and quickly rebound, if recover. The term is frequently used also
in psychology and psychiatry. For example, Russo and colleagues (Russo et al.
2012) ascertain that resilience is the capacity of a person to avoid the negative
consequences of extreme stress. An absence of this ability will compromise well-
being. In education, resilience is often used to describe the capacity to adapt to
certain circumstances (Casey et al 2012). In sociology, Adger ( 2000) seems to be
the first to propose a definition of resilience in the year 2000. The ability of col-
lectivities to cope with external stress caused by socio-political changes denotes
social resilience. And because we are in an era defined by IT, cyber-resilience
cannot be missed from the scientific vocabulary. Giving credit to Fredrik Bjork
and colleagues, the idea of cyber-resilience has the bud at the Davos World Eco-
nomic Forum in 2012. But a clear definition showed up in 2015. Thus, (Bjorck
et al. 2015) gave birth to the notion of cyber resilience. They promote the term as
“the ability to continuously deliver the intended outcome despite adverse cyber
events”. Moving closer to the scope of this paper, we insist on the core definition
applied in the economy.
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2.1.3 The concept of economic resilience

According to many authors, among them Martin (2012) and Meng et al. (2022),
Reggiani and colleagues gave the first definition of economic resilience (Reggiani
et al. 2002). In economics, resilience refers to the ability of a system to absorb a
loss (Rose 2004) or “the ability of a system to recover quickly from an adverse inci-
dent” (Briguglio et al. 2006). This capability can help a system bounce back from
an adverse event. Ten years later, after the term delivery, Martin (2012) views resil-
ience in a more complex manner as a mixture of four dimensions: resistance, recov-
ery, re-orientation, and renewal. In 2014, (Hallegate 2014) described resilience as
the capability of a society or economy to minimize the loss of well-being. He also
underlines the difference between instantaneous resilience and dynamic resilience.
The first relates to the capacity for quick reaction-the resistance, while the last points
to adaptability and recovery. In particular, in 2007, Kathryn Foster defined for the
first time the notion of regional economic resilience as “the ability of a region to
anticipate, to prepare for, to respond to, and recover from a disturbance” (Foster
2007). In the last 15 years, many authors, like Hudec et al. (2018) and Magro et. al
(2022), adhered to and used successfully Foster’s definition.

Psychology, psychiatry, and physical mechanics look at resilience from the indi-
vidual side. Education and sociology regard the term from individual and commu-
nity perspectives. In ecology and economy, we may look at resilience from three
perspectives: micro, meso, and macro (Rose and Krausmann 2013).

We highlight that resilience repeatedly links to different events that occurred
unexpectedly. Starting from these basic ideas, we now look for the possibilities of
measuring resilience.

2.1.4 Regional economic resilience (RER)

One already noticed that economic resilience is a relatively new concept. But
regional economic resilience is even newer. The germs of RER appeared near the
beginning of the XXI century. Although the problem of RER appeared even ear-
lier (Reggiani et al. 2002) there is no explicit definition. Probably the first definition
of economic resilience of regions appeared in Rose and Liao (2005). The authors
assume that RER is “the inherent ability and adaptive response that enables firms
and regions to avoid maximum potential losses”. Like any other new concept,
regional economic resilience does not escape from reluctance. Controversies and
debates arise soon on the field. Among the last debates, we recall Sutton et al. (2023)
who made an extensive review, and concluded that RER is no longer an undevel-
oped and unclear concept. On the opposite side, Lemke et al. (2023) underline the
unsolved issues and stress for a field interconnection for further developments of the
concept. Despite the existent debates, two main branches live together in the plain of
RER: the “bounce-back”-equilibrium branch versus the “bounce-forward”’-adaptive
and or evolutive side.

Authors like Reggiani et al. (2002) and Fingleton et al. (2012) are in favor of
uni, or multi-equilibrium approach. The return to steady state is frequently used in
engineering and ecology. The engineering perspective sees RER as the capacity
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of regions to bounce back, to a pre-shock state of balance. The ecological view
assumes RER as the ability of regions to absorb the shock and to maintain the exist-
ent state of equilibrium.

Martin (2012), Martin and Sunley (2015), Martin et al. (2016), Sutton and Arku
(2022) and Lemke et al. (2023) choose the dynamic-adaptive form of RER. This
wing complies with evolutionary and transformative resilience. The evolutionary
concept sees the economies as capable to adapt and evolute, while the transforma-
tive focuses on the economies restructuring.

Following Martin and Sunley (2015) and Sutton and Arku (2022), four dimen-
sions characterize the dynamic resilience of regions: the sensitivity to shock, resist-
ance, robustness, and recoverability. Aligning with these ideas we propose a set of
metrics that describe all RER forms.

2.2 Measures of resilience

There are many attempts to measure resilience. However, just like in the case of the
concept, there is no consensus about how to measure it effectively (Rose and Kraus-
mann 2013).

There is no doubt about the impact of shocks on the economy. Thus a vast lit-
erature presents the subject of economic resilience. In particular, Dube and Polese
(2016), Giannakis and Bruggeman (2017), Aksoy and Manasse (2018), Goschin
(2019), and Cappeli et al. (2021) or Lazzeretti et al. (2023) studied the resilience of
the labor market. In consequence, without neglecting the importance of well-known
studies related to economic resilience measures, like Reggiani et al. (2002), Fos-
ter (2007), Martin et al. (2016), Angulo et al. (2018) or Di Pietro et al. (2021), the
current analysis focuses on the measurement of resilience which may be more fea-
sible for the available unemployment data. We group the measures into unidimen-
sional and multidimensional categories. The unidimensional resistance metrics are
closer to the static approach of RER. Although they contain, by definition, static and
dynamic hypothesis, the multidimensional metrics have a better connection with the
dynamic approach.

2.2.1 Unidimensional approaches for resilience measures

Martin (2012) proposes linking the behavior of a sub-national territory to national
performance. This tie appears via an elasticity measure called f,. Here, the measure
is the relative change ratio in the region and relative change at the country level. By
comparing f, with the unit, the author then tries to establish how sensitive a region
is to a given reference or benchmark. Areas with sub-unitary f are resilient from the
perspective of an indicator, like GDP per capita.

Sensier et al. (2016) extend the work of Sensier and Artis (2014) and consider
economic dynamics as a succession of peaks and troughs. In their work, the employ-
ment resilience measure is a type of loss-related measure. It measures the relative
change in the employment values between the peak and troughs. For the calculation,
the authors link the region’s pre-shock level and the rate of change in employment
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(Employmentyy,,., — Employmentp, )/ Employmentp,,.. The authors also computed
the duration, in years, for a region necessary to recover to its pre-shock level. Fur-
thermore, they classify a region as resistant if its mean rate of change of employ-
ment is positive between two reference time points called peak and trough. These
extreme points are established by reference to the national employment values.

Following the same principle, Goschin (2019) measures the resilience of GDP
and employment based on a mechanical adjustment. The author computes that the
resilience of the territorial unit i as the ratio between the percentage change of the
indicator for territorial unit i and the percentual change at the national level. Lazzer-
etti et al. (2023) use the same approach and compute the resilience only based on the
employment data. In line with this idea, Cappelli et al. (2021) apply a logarithmic
transformation of the indicators in the labor market. One may conclude that Martin
evaluates resilience by a linear change. Goschin, Cappelli, or Lazzeretti and their
colleagues prefer a non-linear approach.

2.2.2 Multivariate measures of resilience

Bruneau et al. (2003) proposed a quantification of resilience by a loss measure. For
example, a particular analyzed indicator reached X|, value before a shock. The shock
occurred at moment #,. We evaluate the system status at ¢;. Then, the resilience

gl

measure is R = [ (X, — Y,)dt, where Y, represents the indicator value at moment t,
Ty

between the occurrence of shock (¢,) to the end of its assumed impact (¢,). Based on

the same concept, (Hallegate 2014) uses a Cobb—Douglas type function to evaluate
the loss of output in the case of partially destroyed capital after a disaster. He com-
putes resilience value like a difference between the expected and the empirical
curves.

Following the works of (Briguglio et al. 2006) and Martin (2012), who see resil-
ience as a multivariate result, Pontarollo and Serpieri (2018) aimed to create a com-
posite index. The authors propose a form defined by four components. First is the
mean value of the indicator before the shock. The second is the trend before the
shock. The last two components are the resistance and the recovery. We capture
the core information from each fundamental measure and method described above.
Then, we adapt the arrangement to measure the NUTS2 regions unemployment
resilience.

3 Data, hypothesis, instruments, and methods of analysis

3.1 Data sources

Following the importance of the subject described in the introduction, in the current
analysis, the indicator explored is the 15-74 years unemployment rate (UR) for all

genders. The dataset has 33 European countries, 317 NUTS 2 regions, and a time
range from 2002 to 2022. In Appendix 1 we provide the list of them. Methodological
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aspects related to UR calculation are available on the Eurostat web page (Eurostat
1). The core part of the data is available on the Eurostat Labor Force Survey data-
base (Eurostat 2). Multiple factors like territorial changes, non-reporting, or the
COVID-19 lockdown caused missing data in the source. We input missings using
diverse sources and methods. Our goal was to minimize intervention on the data.
Therefore, we input only 4% of all regions-time data matrix. Then, in the input pro-
cess, we use predominantly the simple mean of nearby periods, the weighted mean
of NUTS3 regions in componence, or the mean of the upper NUTS1 region. Appen-
dix 2 offers imputation details and a list of other sources.

3.2 Instruments, hypothesis, and methods of analysis
3.2.1 Concepts related to resilience measure

3.2.1.1 Shocks Based on the existent studies, the three most significant disruptions
within the 2002-2022 period are the Great Economic Recession (GER), in 2008—
2011, the Oil and European Migrants Crises(O&EM) in 2014-2016, and COVID-19.
The GER was unanimously recognized. Many authors, like Grigoli et al. 2017 or
Cimpoeru et al. 2020 use the second. The WHO clearly delimited the COVID-19.
They assumed the start of the COVID-19 Pandemic emergency in March 2020 and
declared its end in May 2023. In addition, Sutton and Arku (2020) also exemplify
shocks, mentioning, among others, GER, COVID-19 and post COVID economic cri-
sis.

We explore the effects of this shock within 2020-2022, while at the moment of
writing, no data was available for 2023. Further, our investigation connects various
concepts and measures of resilience to these unusual events.

3.2.1.2 Pre-shocks periods In economics, the pre-shocks are frequently in use.
Related to GER shock, economists consider the time interval before 2008. For exam-
ple, Dimian et al. (2013) underline that 2000-2007 is a stable period for unemploy-
ment in most of European countries. Then, Carreira and Texeira (2016) used the
200407 interval as a baseline for future attempts. Following this approach, for the
Oil crisis, the pre-shock period is 2012-2013, and for the COVID-19, the pre-period
is 2017-2019.

3.2.1.3 The post-shock periods For the 2008-2011 event, the post-shock is the
2012-2013 interval, while for the Oil Crisis, it is 2017-2019. At the moment of writ-
ing, it is hard to define the post-disturbance period of COVID-19. The effects of this
shock may prolong until 2023 or later.

3.2.2 Applied regional resilience measures
Based on most popular methods and measures, we derive for all three shocks,

five resilience metrics. The first scenario considers resilience as the resistance
to a particular shock. Following the example of Sensier et al. (2016), the shock
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resistance for each region, i, is the slope from the linear regression model,
UR;, = Py; + Pyt + u;,. It is applied for the interval defined by the last year before
shock and T. The year T is the point within the shock interval where the UR reg-
isters the maximum value of the shock period. If we note “last year before shock”
with 1, then “T” denotes the time horizon.

In the model, t covers the period, and u;, are unknown factors, assumed to be
white noises (WN). For each region, i, we estimate the parameters via classic
Ordinary Least Squares (OLS), and we characterize the behavior of the unem-
ployment rate in the absence of shocks. Due to the short periods around the
shocks (3—6 years), we neglect the property of stationarity and its contrecoups.

On the one hand, resilient regions have a negative or zero slope coefficient. On
the other hand, the non-resilient ones will have a positive slope, f;;. From this
point forward, we call this proposal,

LR; = p;;, Linear Resistance, of the region i (1)

Following Goschin (2019), Cappelli et al. (2021), and Lazzeretti et al. (2023),
mentioned in the 1.2.1 paragraph, we explore the resistance to a shock, by a non-
linear resistance (NLR) which follows the relation:

UR L, with in the shock
NLRl=ll’l< max,i,with in the s (2)

URlast year before shock

Resilience is also the recovery after a particular shock. The recovery (REC)
is the slope between two fixed points ¢, t,. Using the same model described in
the case of linear resistance, we have UR;, = f; + p,;t + u;,. The year t, gives the
starting point, when region i reaches the maximum level of the unemployment
rate (UR,,,,), within the shock period, and the endpoint, #,, which is the first year
post-shock.

REC; = fy; 3)

But resilience might also be a measure of loss. Then, instead of the single
metric, the current proposal joins resistance, peak, and recovery. In this case, the
approach follows Bruneau et al. (2003) and Hallegatte’s (2014) method, captured
here by BRH. For each region, the resilience is:

t=last year of shock

BRH, = (f6) - F(0))d6 )

t=first year of shock

f(6)-defines the behavior of unit i under the presence of shock, and f(e) estimates
the dynamic change in the absence of shock.

The presence of discrete values leads us to approximate the integral by the
Riemann sum. Many possibilities are available, among them, the left rule, right
rule, mid-point rule, or the trapezoidal rule (Hughes-Hallett, et al. 2005). In our
work, we choose the left rule, which implies, for three particular years, the fol-
lowing expression: (EURI-TURI1)*A +(EUR2-TUR2)*A + (EUR3-TUR3)*A,
with A =1 (year). Then, we propose the general form:
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last year of shock
BRH,= ). (EUR,—TUR,) * A 5)

first year of shock

In the BRH; formula, the EUR,; component is the known value of the unemploy-
ment rate in region i during the crisis. TUR, is the theoretical or potential UR that
occurs under economic shock omission in the same period. Hence, first, we estimate
the parameters of the model In(UR;,) = ay; + a;t + w,,,, using the longest pre-shock
available range in 2002-2007. The ay; is the intercept, and oy; is the slope of the
above semi-log model. The index i accounts for time, and w captures the unknown
factors (disturbance). Then, with the aid of the model, we forecast the values of TUR
within the 20082011 interval. For the latter two anomalies, the pre-shock sample is
too small. This thing causes high uncertainty on the parameters and future fore-
casted values. In consequence, we identify all local UR minimums. First, for the pre
and post-shock periods [2011-2013] and [2017-2019]. Then, we find them within
shocks [2008-2011], [2014-2016], and [2020-2021]. In the absence of the shocks,
we assume that the UR will pass with a constant step from one minimum to another
minimum. Neglecting the peaks, the constant step value

min (UR,y17_19 )—min (UR,q;;_
A, equals to (URaoy ]gt) - (URa ‘3). Here, t,
27 h

reaches the minimum. For the 2020-2022, the TUR equals to UR,,, values. For all
shock periods, the EUR and TUR values fill the relation (5), and the BRH results
after the summation of the differences.

The approach proposed by Bruneau and colleagues has only positive values.
After mechanical shocks like earthquakes and floods, the state of the place cannot be
better than the initial one. But in the labor market, due to multiple causes, the differ-
ences could also be less than zero. Some regions may register lower UR during the
shocks compared to the pre-crisis periods. In such conditions, BRH, is only the sum
of positive values. The negative values are replaced by zero. This implies that more
resilient regions have lower values of BRH,, resistant region have BRH;=0, and less
resilient regions will have larger BRH,.

LR, REC slopes, and TUR values result from particular regression models. We
validate all the regression models using the Fisher test when the time series has a
length over two. Also, for each sub-sample longer than three units, Shapiro—Wilk
(SW) and Breusch-Pagan-Godfrey (BPG) tests assess the normality and homoske-
dasticity hypothesis of the residuals.

Following Portarolo and Serpieri (2018), the last method applied in this study
develops a composite index. The first component included in the index is the mean
value of the indicator computed for the pre-shock period. Here, this component rep-
resents the simple mean of URy,, ... UR,y; values. The number of terms included
depends on the available period. The second component is the UR SLOPE. It is esti-
mated based on the longest 2002-2007 available span. This component measures
the “normal tendency” in the absence of shock. The third and fourth components
are the linear resistance, LR, and the recovery component. We included here the
values obtained using the (1) and (3) relations described above. In this approach, the
Principal Component Analysis (PCA) technique uses the varimax criterion to extract

and ¢, are those years where the UR
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components. It searches for components with eigenvalues above 1. We explored
several ways to construct the composite index. One includes means before shocks,
slopes before, linear resistances, and linear recoveries. The second joins the means
and slopes before shocks with NLRs and LRs. Another variant explores the inclu-
sion of means before shocks, slopes before, and BRHs. Our results, not presented
here, suggest that the first choice is the best approach in terms of PCA yield and or
specificity-sensitivity analysis performance. Therefore, we continue the discussion
with a composite index based on the best choice. With the notion of resilience used
above, a formalization of CIR is

CIR; = a\URyy/3/4-07,i + a» * SLOPE; + a5 * LR; + a, * REC; 6)

where a,...a, are weights achieved on the PCA.

Based on the above methodology for LR, REC, and BRH, Fig. 1 draws, in a styl-
ized form, the resilience measures for four particular regions with different practices.

In line with the methodology described in this paragraph, we shine differ-
ent behavior. Austrian region Burgenland (AT11) has a slow UR downward trend
(EUR). It was not resistant to the analyzed shock. In all three cases, the LR is posi-
tive. Despite its non-resistance, the negative slope, REC, suggests that the region
tends to recover to its pre-shock UR values. The Region FRK2, Rhone-Alpes have
almost the same behavior as AT11, but its oscillations are around a moving up trend.

= === Real UR (EUR)

Theoretical UR in the case of shock
~ absence (TUR)
Resistance (LR)

Recovery (REC)

.5 ====Real UR (EUR)

Theoretical UR in the case of shock absence

(TUR)
25 e R esistance (LR) 3 o
"
5 Recovery (REC) )
S FLFO DAL I DL LA DO DA S P QA HF O LN VIO H LA IO DA
R A A N AR N | O MR PPN NN N R X
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Fig. 1 Different resilience measures related to all three shocks
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Predominantly, UR drops in the Kassel region from Germany (DE73). This Ger-
man land is a typical example of a resistant region for the first two economic rup-
tures. Kassel is rather non-resistant to COVID-19. One may observe two negative
LR values for 2008-2011 and 2014-2016. The shape continues with a tinny and
positive slope for 2019-2021. The region will recover to its 2019 values in 2022.
The fourth region, the Greek North Aegean (EL41), is more volatile. The LR is
low, and the 2008-2011 hit strongly affected it. Next, O&EM shock tends to have a
slighter impact. COVID-19, due to more relaxed policies in Greece, helps the region
to reduce its UR to a minimum of the last ten years.

3.2.3 The sensitivity and specificity of resilience metrics related to prediction
capacity of post-shock state

The Receiver Operating Characteristics (ROC) and specific area under the curve
(AUC) techniques measure the specificity and sensitivity. Each resilience metric
is evaluated related to the capacity of region status prediction. The AUC is tested
against the 0.5 theoretical value that denotes no impact of analyzed metrics. The
Youden Index values describe the cut-off points.

3.2.4 The capacity of resilience metrics to predict the status of the region
after the shock

The capacity to predict the future state of the region is useful knowing that the resil-
ient regions were able to resist and or adapt. They are able also to create a better
response, and finally recover to the initial (pre-shock) state. The after-shock binary
state of each region and time to recovery (TTR) are obtained assuming the next sce-
narios. If UR remains in all years within 2008-2013 below the 2003/2004—2007 val-
ues, then the region is resistant. If unemployment rises during the GER anomaly, by
comparison to pre-shock, then drops to the initial values until 2013, then the region
has recovered. This type of region receives a status equal to 1. In this case, TTR
is the difference between the year when the region reaches an unemployment rate
lower than or equal with UR,y;, and 2008. Otherwise, the region did not recover,
and the last known state is 0. For the non-recovered regions, the maximum available
follow-up time will be equal to five years.

For the Oil Crisis shock, a resistant region has all UR values within 2014-2016
below the 2012-13 pre-shock values. A region recovers after the Oil shock if its
UR increased between 2014-2016, but returns to its pre-shock values no later than
2019. For instance, if a region recovers in 2017, then TTR is 2017-2014 =3 years.
If the region has not recovered after the shock, TTR equals the difference between
the last available year post-shock and the first year of the shock. Therefore, for the
2014-2016 anomaly, the available time to follow up is until 2019. For the COVID-
19 stress period, a recovered region returns its UR value in [2021-2022] to the 2019
value. The maximum follow-up time here will be then only two years. After stand-
ardization, we introduce resilience metrics as individual continuous predictors along
the state and time to recovery in a Cox Proportional Hazard Regression (CPH).
We apply survival analysis (Cox 1972) to compare the prediction capacity of the
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metrics. More specifically, we analyze the capacity of each measure to predict the
instantaneous probability of recovery.

CPH was already used in the specific literature to find resilience drivers (Raj et al.
2014; Lewin et al. 2018). In the current study, CPH outperforms the classical Logit
or Probit models applied, for example, by Di Pietro et al. (2021). Since the shock
does not start to affect the regions and does not end at the same time (Cappelli et al.
2021) and the regions do not reach the recovery status at the same time (Fingleton
(2012) the inclusion of time to event component in the CPH improves the analysis
methods. Descriptives and econometric analysis were performed in R-Studio v. 4.3.
The ROC analysis was made in Medcalc v22.009. PCA for CIR score was produced
in SPSS v.19. The following sections present the results, discussions, and implica-
tions of the findings.

4 Results

4.1 General aspects of the unemployment rate. Variation and confirmation
of hypothesized shocks

The pre-recession period 2004-07 has a very heterogeneous 15-74 unemployment
rate. Regions with two-digit UR values, colored in red in Fig. 2, spread on the north-
ern, south, and south-eastern continent parts. East Germany, Poland, and North and
East Finland highlight the northern side. And Spain, Italy, Bulgaria, Greece, and
Turkey dominate the southern part of the European picture. In contrast, regions from
the U.K., Norway, Ireland, Iceland, and north of Italy have unemployment lower
than the natural expected, 3-5%. Each of these two extreme clusters contains one-
quarter of the total NUTS 2 regions.

In different parts of Europe, there are various trends in the unemployment
rate during the first shock. For instance, Greece and Spain’s upward jobless
trend correlates with the economic downturn. Further, in Germany, economic
growth causes a downward trend in unemployment. Also, the UR values are sta-
tionary in some parts of the continent, like in the North-East of Turkey, the West
of Romania, and most Norwegian regions. In addition to heterogenous behavior,
a general tendency of UR growth is visible. The red color fills more and more
regions from one year to another (Fig. 2). The number of units with UR above
10% was 49 in 2007. One year later it dropped to 45 and soared to 91 in 2009.
In 2010, 108 NUTS 2 territories, or one-third of the total, had rates above 10
percent. The simple UR mean of the 317 regions had a minimum value in 2008
of 6.9%. Then, it progressively rose between 2009-2015, with a peak in 2013
and small oscillations from one year to another. The rate turned back to 8.5% in
2016. The second extreme period, defined by the O&EM crises, focuses on Cen-
tral Europe, where unemployment dropped below 5%. The overall lighter color
suggests a more facile burden. However, the red still dominates Spain, Poland,
southern Italy, and Greece, where the values frequently surpass 18%. In 2014,
102 regions still had UR above 10%, and 62 of 317 dropped below 5%. After
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Fig.2 Cross-sectional variation of UR during 2003-2022, quartile groups

2018, the simple mean rate rose again until 2021, above 7%. The number of
regions with UR double than usually expected, 5%, falls in 2019 to 59, a mini-
mum of the 2009-2021 interval.

During the pandemic, in 2020-21, only 59 NUTS 2 regions reached a UR
value above 10%. In 2022, the situation was better. The number of administra-
tive territories with two-digit values in the jobless rate counted 47. Such a small
number of units with low unemployment appeared only in the pre-Great Reces-
sion. In the same year, the mean converges again to a more desirable value,
6.1%. Studying the content of Appendix 3, the reader discovers trends, spreads,
and main descriptives for each country.
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4.2 Resilience metrics analysis
4.2.1 Results regarding statistical validation of the derived resilience measures

In this phase, Econometric analysis involves 2124 regressions. Collecting data from
the regression outputs, we check multiple assumptions. We test the statistical signifi-
cance of LRs slopes, URs models, and tendencies before shocks. The inquiry contin-
ues with the test of REC regression coefficients and the validation of the regression
hypothesis. Allowing a 0.1 maximum risk, the results reveal that 40% of regression
models are statistically significant. More than 95% of the regression models do not
reject normality and homoscedasticity. Reading in detail the content of Appendix 4,
5, 6, one may examine the results by resilience component and shock. These results
allow us to go further with derived parts and tests related to resilience measures.

One method, the composite resilience index (CIR), described in the methodology,
implies the inclusion of a few components derived after principal component analy-
sis. No principal component explains more than 60-70% of the initial variability.
However, two principal components extract more than 80%. Finally, we compute
the Composite Index of Resilience (CIR) by weighting the initial two components.
Weights are equal to the proportion of variance extracted.

4.2.2 Variations of resilience across regions and shocks

Synthetic measures of resilience have common and different characteristics as well.
On one side, as defined in the methodology, in each shock period BRH and NLR are
left bounded by zero. On the other side, the composite index, the linear resistances,
and the recovery slopes spin around zero.

Here, one may also notice the highest dispersion of BRH in each period. Except
few cases, the values of CIR, LR, NLR, and REC are all bounded by —5 and 5
limits. The same plot emphasizes the highest homogeneity of NLR. Beyond these
basics, the spread of points highlights the presence of outliers (Fig. 3). Taking into
account these variations combined with the goal of territorial comparison, we pro-
vide a mapping of standardized measures. (Figs. 4, 5, 6).

A perspective on linear and non-linear resistance highlights a very similar territo-
rial spread. In the Great Recession, Iceland, the UK, Germany, and Baltic countries
record a low resistance (Fig. 4). In 2014-2016, in terms of LR or NLR, the crises
affected with predominance the Nordic block, Finland, Sweden, and Norway, part of
Germany. Then France, Italy, part of the Romanian regions, and almost all Turkey
regions complete the list. The COVID-19 Pandemic resistance depends on multiple
factors such as climate, the capacity of the medical system, economic structure, and
severity of restrictions. At a glance, COVID-19 pressured more on the resistance of
continent edges. On the north, the map highlights Iceland, Denmark, Estonia, Lithu-
ania, and Latvia. In the south, we see Spain, Portugal or Greece.

The CIR and BRH complex metrics draw different patterns. In the first view, the
composite measure, CIR, shows more homogenous regions. Dark green denotes
greater unemployment resilience and covers Finland-Norway, France, and Germany
in the 2008-2011 recession. Oil-Migrants crises highlight Baltic countries. The last

@ Springer



1052 Empirica (2024) 51:1037-1073
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Fig. 3 Descriptive for resilience metrics by shock

shock event points to the Iberic Peninsula and the south of Europe. Due to its mean
character, the composite measure reduces discrepancies between territorial units.
The prominence of red versus the light green points that the BRH attracts the atten-
tion to the extremes. (Fig. 5).

The linear recovery rates determine a spread of the light red on the 2008-2011
map in Fig. 6. Some regions show positive signs of recovery, thus negative UR
slopes, after this shock, especially on the extreme parts of the continent. But coun-
tries like France, Romania, Germany, and Poland are still covered in red. Such color
flags that unemployment continued to grow after GER Although the 2014-2016 Oil
& Migrant Crises had lower intensity than the previous shock, the recovery rates are
positive. The standardized values above 0.2 prevail in Germany and countries from
the Scandinavian Peninsula. The current data does not allow us to compute all the
recovery slopes for the COVID-19 shock. The shock did not show all its effects yet.
Despite that, most of the regions show positive signs until 2022. The correspond-
ing map from Fig. 6 shows a puzzling mix of positive and negative signs of recov-
ery. The green dominates Romania, Turkey, Germany, Nordic and Baltic countries,
while the red flags Portugal, Spain, Italy, and Greece.

4.3 Sensitivity and specificity analysis of resilience metrics

All resilience metrics reveal a good discrimination capacity between recovery-
resistance state and non-recovery in GER. Statistical comparisons of each AUC vs.
0.5 target value achieve p-values below 0.05. Among all the compared measures,
non-linear resistance seems to have the best capacity to discriminate between future
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Fig.4 Variation of standardized LR and NLR values across NUTS 2 regions by shock

states of regions. From a statistical point of view, the NLR derived after Goschin
(2019), used by Cappelli et al. (2021) and Lazzeretti and colleagues (2023), per-
forms better than all competitors except the linear recovery rate (REC). A negative
value of NLR has 44% sensitivity and 96.6% specificity. Based on the Youden Index,
the cut-off point remains positive at NLR =0.09 on the raw scale. At this point, sen-
sitivity is 85% and specificity 80%. Thus, using the non-linear resistance predictor,
one has the lowest chance of forecasting false recoveries and false non-recoveries
after the first shock. (Fig. 7).

In the case of the Oil and Migrant Crises, the NLR measure performs again the
best. However, AUC statistical comparisons do not flag significant differences in NLR
against LR and CIR. Results emphasize that BRH performs the worst. In this case,
the cut-off point of NLR is 0.038, where sensitivity is 88.4% and specificity is 78.8%.
Therefore, non-linear resistance values below 0.038 will decrease sensitivity, but it will
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Fig.5 Variation of standardized CIR and BRH values across NUTS 2 regions by shock

increase specificity. High specificity rates reduce the chance of estimating a false recov-
ery state of regions.

On the COVID-19 shock, the non-linear resistance metric has the highest capacity
to predict true-positive regions with a recovery state by 2022. BRH comes in second
place, with an AUC of 0.749. Statistics pairwise comparisons sign significant differ-
ences (p<0.01) between AUC curves, except for CIR against LR and REC. Surpris-
ingly, the recovery rate REC and composite index, with AUC below 0.6, perform the
worst among all measures for the Pandemic shock.

4.4 The capacity of resilience metrics to estimate the probability of recovery

The analysis informs that all five measures significantly impact the instantaneous
probability of recovery in the first shock. At linear recovery rate and composite
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Fig. 7 Sensitivity-specificity analysis of all resilience measures by disturbance

index, p-values associated with HR exhibit the 0.05 threshold for COVID distress.
Cox model results underline the importance of non-linear resistance to each shock
in terms of recovery hazard. Holding the other factors constant, an increase of NLR
by one standard unit, chances to recover will decrease by 86% in the first shock,
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50% in the second, and 67% in the pandemic shock. An increase of LR and BRH
standardized values diminishes the recovery chance with a wide spread of values.
The chance varies by shock. For instance, during the Great Recession, an augmenta-
tion of LR by one standard unit implies a 65% less chance of recovery between 2008
and 2013.A similar increase in the last shock implies -54% chance to recover within
2020-2022. BRH standardized metrics have the largest heterogeneity between shock
periods. In the first shock, a+1 standard unit of BRH causes a depreciation of
chances to recover by 2013 with 74%. A similar change during the Oil and Migrant
crises will affect the rebound chances by 2019 with only 15% (Table 1).

5 Discussions and conclusions
5.1 Discussions

From 2002 to 2022, the 317 NUTS 2 regions manifest considerable unemployment
heterogeneity. Giant jobless rates prevail within shock intervals. In line with other
studies (Fingleton 2012; Giannakis and Bruggeman 2017; Cappelli et al. 2021),
the mapped values of the UR dynamic show different patterns across the analyzed
European regions. The central tendency and variance indicators values are inversely
associated with shock periods. Although the mean and range of UR values seem to
decrease during crisis periods, the heterogeneity increases. In line with Sutton and
Arku (2022), these results suggest that a global perspective on descriptive indicators
is not enough. When the aim of the study deals with the shock analyses, additional
inquiries must accompany it.

Consequently, the approaches that derive measures of resilience as a reference to
a country or continent’s mean are questionable. The result will be biased, regardless
of the usage of the ratio between the region and national mean or the ratio of slopes.
Sharing the view of Weinans (2021), values below and above the mean will always
exist, regardless of the analyzed indicator. The problem appears in particular cases
when all the regions are resilient or non-resilient due to some core causes. Taking
Austria as an example, according to Eurostat, this country registered a maximum

Table 1 Cox regression results and the impact of different resilience measures on HR to recovery

Feature HR (95% C.1.) to recover within

2008-2013 2014-2019 2020-2022
LR 0.350(0.283-0.434)%*:* 0.578(0.511-0.655)%*** 0.462(0.391-0.546)**
NLR 0.139(0.093-0.208 ) 0.502(0.434-0.581)%*:* 0.329(0.275-0.394 )
BRH 0.155(0.077-0.310)%*:* 0.846(0.737-0.970)** 0.707(0.585-0.854 )
REC 0.331(0.242-0.451 )% 0.833(0.749-0.926) % 0.910(0.809-1.023)
CIR 0.282 (0.191-0.418)*x:* 0.563(0.484-0.656)%*** 0.976(0.797-1.195)
wrkp <0.01
** p<0.05
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UR of 5.3% in 2009 and a minimum of 4.1% in 2008. Exploring the eight Aus-
trian NUTS-2 regions, by comparing the regional values to the national mean, we
achieve four resilient regions (sub-unitary measures by reference to the mean), and
four non-resilient. A detailed review unveils that seven of eight regions experienced
a high increase in unemployment rates in 2009 by comparison with the previous
2007-08 minimum. The current calculations hint fast-growing rates, like+22%
for AT11,+27% for AT12,+28% for AT21,+32% AT22,+56% for AT31,+29%
AT32,+37% AT34, and a 5% reduction for AT31. Seven regions are non-resilient
from UR’s viewpoint in the GER. However, the method that compares the values
with the national mean, will split them into two classes. Four will be in a resilient
class, and four in a non-resilient one. This split choice based on the mean avoids the
observation of the real behavior in the shock. Therefore, a potential use of the indi-
vidual LR and NLR measures bypasses this inconvenience.

But, using only the resistance measures, like LR or NLR, we only find out how pre-
pared a region was to deal with the shock. Nothing more about how strong was the hit.
Nor how long it would take for it to regain its initial state. The recovery measures help
us identify how the region will behave after the shock but tell us nothing about the past.

A suitable solution for resilience evaluation may be aggregated compounds like
CIR or BRH. Not least because they depend on the resistance and recovery rates and
initial state. They may reveal more information about the trajectory of the territorial
unit during and in the neighboring period of shock.

BRH performs at the top in the GER event. Apart from numerical interpretation,
they are closer to the accepted definition of resilience. In this sense, we recall Hal-
legate’s (2014) statement, that resilient regions are those who are able “to resist”, “to
cope”, “to react”, “to adapt” and “to recover”.

Multicollinearity and multidimensional analyses intend to find one synthetic
score for all inputs. Jolliffe and Cadima (2016) recommend an absolute inter-corre-
lation above 0.8. Such a thing is problematic in many examples, including the pre-
sent one. Knowing this barrier, we may accept the lowest performance of the com-
posite index in our case. In a problem of future status estimation, the CIR represents
the last choice.

Aggregated measures such as CIR and BRH display the story as a whole, but
none tells us something about the constituent parts. Some papers (Martin et al. 2016;
Goschin 2019) associate different factors with resilience. One proposes a multidi-
mensional solution to provide a deeper understanding of the link between shocks
and resilience. Choosing one measure instead of others may cause different results.
This drives the user to potentially false conclusions. Even if BRH is the closest to the
theoretical concept, it has a top performance only for the Great Recession. The exist-
ence of a decent pre-brunt sample can influence this intriguing outcome. Assessing
the uncertainty of the discussed resilience metrics, one may find no association with
performance in the prediction of the future state of regions. However, their perfor-
mance in the labor market may be very sensitive to the time series dimension. On a
high-dimensional dataset, the behavior may be different. Further capabilities worth
to be investigated in other contexts. The current comparative proposal with the most
recent three shocks may be pioneering work in the manner of approach. This paper
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also opens the gate for future works that may study the estimation of theoretical val-
ues, TUR, by different methods.

On more expanded time series, one may probe the capabilities of ARIMA models to
derive BRH measures and their implicit performances. A new framework analysis with
and without a spatial autocorrelation component could be also an interesting issue.

The capability of a particular component to predict the future status does not cor-
relate to statistical significance. In this sense, we emphasize that recovery slope (REC)
has the best rate of significance among others (Appendix 3, 4, 5). Nevertheless, it has
one of the lowest capabilities of prediction in the sense of AUC and Cox regression.

5.2 Conclusions

One of the most important indicators of the labor market, the unemployment rate, has
a high heterogeneity at NUTS 2 level. Beyond the high variations of the source indi-
cator, dynamic changes are also variable. These inconveniences and many unknown
factors create difficulties in defining a spatial homogenous measure of regional UR
resilience. Analyzing various types of shocks, we find that resilience measures have
different characteristics when the goal is to predict recovery after a hit.

Using five metrics, we gathered more details about the explored anomaly. Beyond
that, we may see possible post-shock tendencies. More available information offers
more possibilities for regions to react and adapt.

Over all three shocks, our analysis suggests that a non-linear measure of resist-
ance (NLR) performs best in terms of future state prediction.

In our view, policymakers and academics alike should join individual and com-
posite measures simultaneously to evaluate regional resilience. In this view, CIR is
less performant. Despite that, a distance that is not huge to others in terms of AUC,
argues that CIR is a promising candidate with possible further adjustments.

Part of the scientist may see the results that highlight especially the overall per-
formance of NLR as controversial. This arise in the context of a preference for the
adaptive RER. Despite these concerns, many papers (Caglayan Akay et al. 2020,
Khraief 2020, Caporale 2022) present a mix of stationarity and hysteresis proper-
ties of unemployment. Thus, our results open the idea that the choice of dynamic vs.
static approach for RER may depend on the core characteristics of the target indica-
tor. Therefore, a bounce-back tactic could be the best choice for stationary indicators
like UR in particular cases. At the same time a bounce-forward tactic could be more
feasible for dynamic indicators like GDP. In agreement with Lemke et al. (2023), it
seems that RER still has things to unveil.

Appendix 1

See Table 2.

@ Springer



1059

Empirica (2024) 51:1037-1073

pringer

sostuuodo[od” G9TH ePelId BIAIS $9 T ePRId MAQ €914
‘RISIN BIUOL COTH-BI[essoU L [9TH-S0MRd] $§ T BIUOPNIN DA ¢S TH RIUOPEIN DILDUSY ¢S TH
‘D[EIY[, ‘BIUOPINEIN DI[OIeUY [GTH NI ¢ TH:01eSIY ONON ¢ TH-0IeSTY ORIOA™ [ TH: DY 0¢Td
nsog~00dd
pueiA[pION” SOMA-PUeADPIN ™ #OM - rewueppAS™ ¢0S A Pue[[2S™ 703 uopeIspRAOH 10X
UASULINY L 0DH UIISOH-SIMSIYIS ™~ 0AHAHeYUY-uasydes 0ga-31zdio] sqaa-zmuwey) vaad
‘uopsaI( ¢ PUB[EES™ 0DHZ[B}d-UassoqUIy ¢gAJ-1RML ¢gAd-Zu[qoy [gad
810qsury” SYHAPIOWe( HVH HOISUNAT VAU ¢VAQHOPRSSNA™ [ VA SWH-ISOM ™ v6HA
‘3angqoun|
“codiIesouuey Z6a Somyodsunerg | 6g  urowwodIoA-Smquop o 08 [essey ¢.dd
‘wegelD ¢ HIPRISULIEQ [LHA-SMquEH 09H-uswarg 0SHJ:Smquepuerg OpH UIHg 0cdd
{UQEAYOS™ LA USRS 9T USNUBY[ONIN - ST UURLIQQ H2ad-Z[eyd1eq0 ™ ¢zad
Mife]
-KeqIopaIN™ ¢z UIeARqIqQ [CHA URSUIqNL ¥ [HA:SMqrer] ¢ [H:RYISHe] ¢ [ eSnms ™ [1ad
OUIL]”LOHDZIOMYIS[eNUZ 9OHD:ZIeMYdSISO ™ SOHDYILINZ #0HD
ZIOMUDSISOMPION €OHD PUBT[ONIIA oedsg zOHD ‘onbruewg] uoiSoy 10HD
ONSZI[SONSARIOIN 80ZD BABIOIN FUPANS™/0ZD ‘POYdKA0YI[~90ZD
POYPAA0IOARS TGO ZD Pedpzorands 10z pedezoyi” g0z Ayoe) Iupans g0z yrId 10ZD
soxd&3 00XD

uQ[enuas) uayzng ~gyog iuspedezo3nk T 4O ueyo0)zioSny y¢Og
USYD0IZI0IOARS ™ €O UIBNUDS) URIIARS~ geD g uopedezoronds 1¢Dg

muweN ‘A0ld”Seag (3g) SmoquoxnT ‘A0l e 31T
‘AOId e IneUIRH ‘A0Id ZeH G UO[[eM Jueqelg ‘A0Id | ¢H USIOPUBR]A-ISOM ‘AOId GzHYI
ueqerg-swee[A ‘A0ld g USIPUBR[A-1SOQ ‘A0IJ ¢ZAg:(dg) SinqurT ‘Aol zzdd
cuadromiuy ‘A0Id~ [ g ISoman) Y[[opalspjooH s[assnigyarende)-safoxnig op uoisoy 0199

SI9QIIRIOA TPE LY ([0 LEE LV SINZ[eS LY YOIRIINS0I0  [ELY
SHPULIOIIS ZZLY (UAUIEY [V ‘USLM ELLV ‘YOIoNo)SQIopaIN 1LV (L) puejussmg [ 1LV

As

(g1 =u)a09210) 01
(T =ueruoisg 6
(s=uyyrewuaq 8

(8¢ =u)Aueurion L
(L =U)pUR[IZIIMS 9

(g =) orqndoy yoaz) S
(1=u) snid&) %

(9=ujerLre3ing €

(1T =wyumiSeg T

(6=wpemsny I

Qureu pue 9pod 7 STON

Anuno) ‘ON

SUOISaI pue SAINUNOD JO ISIT ¢ d|qeL



Empirica (2024) 51:1037-1073

1060

BIRIN 00.LIN (1= &N €C
ellUOpaYBIA BUIAS™ 00N (] =U)BIUOPAJBIA YMON w2
eliale T 00AT (1=uerare] 1c
Smoquaxn T 00N1 (1 =u)Smoquaxn| 0C
SBUOIZAI SOANJAIT NIBYEA II OLINPIA ~ 70 T<SBUOISAI SaunsoS™ 10.L 1 (z=1u) erenypry 61
o1ze|
TYLLIPYIIRIA ELLI“BLIqUI) [ LI*BURdSOL, [[LI*BUSewoy-RIruy SHLIBINID BIZOUA-TNLL] HHLI
{0JQUSA ~ ¢H.LI0IUAL], Ip BWIOUOINY BIOUIAOI{™ ¢H.[-Udzog/ouez[og Ip vwouoIny BIOUIAOI] ™ [H.LI
‘eud
-opIeSTZOLIRIIIS [DLIeLqeR) QLI eIedrised GILI-eISnd pA LI eruedwe) eI 1:aSION ¢ALI
{0zzn1qy "~ [ LIeIPIeqO $DLI-BLNSIT €D LI-ISOV,P 99[[EA/RISOV,P d[[EA” COLI-UOWald [DL] (Tz=wAen 81
PUe[S[ 00SI (1=u) pue[aog L1
PUBIPIIAl pUR UIdISEH 9OHI-UIOYINOS™ SOHI-UIDISIA pue UIdYLION +OHI (¢=u) puepary 91
PIJIV-190 EENH*PIQJIV-eZsH CENH:SpzsIoreATeN-Yezsd 1€NH
‘mugung-[pQEZNH MUBUNQ-e3nAN ZZNHIMuBuIng-dozoy [zNHAsd ¢ INHsedepng [ [NH (g=u) AreSuny ST
(9107 SLON) BYSIEATH BU[RIUSUDUOY ~ H()YH BYSIBATH ESURIPe[~ cOYH (z=u) eneor) ¥1
9510 OINYAINZY, P 210D-52d[y-20udA01d ™~ () T Sod[v-ououy ™~z Yd ousIoany
"I SOQUQIAJ-IPIA ¢ [YA-UO[[ISSNOY-O0PaNSUETT [ [ SOIUSIEYD-NONOJ~ E[YA-UISnOWI T [
‘oureynby T [T ouSeiorg OH Y o TR[op-sAed 0D PutelI0 ] ¢ ¥ ouuapry-ouSedwey) g YA
oes|y
T T RIPIRdld CHY STR[BDOP-SBd-PION [H YA QIPUBWLION-INCH ™ ¢ ¥ -SIPUBWION-9sseq [
QuoD-oydueL] g Jousosmog [ DY 0T 9p [BEA—oNUD) (Y] eoueL] op o@\o IR (gz=u)2oue1q €1
rwong-g1] el -s1ofyod” (LI TWONS-E[OIF D[ [ eewIsn)-IUIS[OH g [[]:TWong-1Sue T 6111 (y=Uu) pueuig Cl
SeLeuR) - 0LSH RINRIN 9P Pepn1) #9SHBINSYD 9p Pepni) €9SH
‘RIOINA 9P UQISY CYSHBION[EPUY ™ [9SH:SIeafed SO[II” ¢SSH BURIOUI[EA JENUNWO) TSSH
‘eun[ele)” [ GSH BINPLWONXH ¢ SH RYIUBIA B[-B[[DS) ¢bSH ‘U9 £ e[[nse] [+SH
‘PLIPBIA] 9P PEPIUNWO) )¢ SH UOSEIY HZSH Blory v ¢TSH:LLIBABN 9P [BIO] Pepluntio) ¢gSH
{00SEA Sfed [¢SH-BLqRIUED ¢ SH SeLmsy op opedoutid g[S eOeD [1SH 61 =wuredg IT
uwreu pue 9pod ¢ SLAN Anuno) ‘ON

(ponunuoo) zs|qey

pringer

As



1061

Empirica (2024) 51:1037-1073

oy[s
~UAAO[S SUPOYIAA ™ HOSLS ‘ONSUIAO[S QUPNS~ ¢SS ONSUIAO[S Qupedez g0 S feny Aysae[suerg [0S (7 =) enyeAo[S 1€
‘eluaro[S vupOyLZ (IS BIUaA0[S BUPOYZA~ OIS (z=u)eruaso[s 0¢
PURLLION QIAQ™ ¢ CHS PURLION BISIO[[OIN CEHS OSLIOASURI[Q]N BIION [ ¢HS OSIIOASISEA™€THS
108110ASPAS T TZAS PUTRQ PO PURIEWS [ZHS “OSIIOASUR[OIN BNSQ™ ¢ THS ‘WOYPP0IS™ [TAS (8§ =u)uopomg 6T
1S9A” THOY BN 1S9A-PNS™ [HOY-AOJ[[ — Nsamong 7Oy
BIUNUNIA — PNS™ [€OYISH-PNS CCOYISH-PION [2OF-nNUD ZTOYISPA-PION 110 (8 =u)eruewoy 8¢C
(Ld) BIOPRIA Bp PWOUOINY ORISAY O¢Ld*(Ld) Se10dy sop ewouony orISay 0zLd 0feusy 8TLd
roqsr op eueyjodonoy mv;%\:rw%p& onud) 91 1d A3y G[Ld 9MON TT.Ld (L=u)esmrog LT
KueuoI3al OIMOZRIN 26 Td (AUZOJ[0IS TISMBZSIeA ~ [ 6 Id PnSe[pod
“pg1d enpredrepod 78T ODS[qN T [§Td ODSAZINORING 7L TdPZPOT 1L 1d P siowod
T€971d OnSINZRN-ONSUTULIRA\ ~79 I oD sIowog-oysmelny [9Td ems[odQ ¢S Id Pnse[soujod 1671d
ysnqnT ¢y Id ensiowodorupoydez gy Id-enISIOdON[OTM ™ T+ Td SIS ¢7'1d “oris[odofeN 171d (L1 =u)puejod 9T
93I0N-PION™ LOONSE[OPUSIL 900N (9T(T UOISAI [edNISTIEIS) JOPUBISIA~SOON
£(910g uo13a1 [eonsne)s) pueesoy 50 10p3y HOON: (910 uoI3ax
[ea1SRIS) JOPURISG-IBS™ COONIRPUBIUU] ZOON $(910T UOISAI [ednsHEIS) SnYsIY 30 0[SQ” JOON (L=u)kemIoN ST
("IN) Smqury g IN‘ueqerg-pIooN” [+ IN
{PuB[IdZ HEIN:PUB[[OH-PIZ ¢ IN PUBI[OH-PIOCON CE€INIYI™MN ™ [ € IN-PUB[OAI]]
TETIN “PURIOP[OD T INIPSSIIOAQT TZINOWULIQ €1 IN(TIN)PUR[SILLT ¢ "IN UaSUIuoID 117IN (T1=u)spuefIoyioN oYL, 14
swreu pue 9pod 7 SLNN Anuno) ‘ON

(ponunuoo) zs|qey

pringer

As



Empirica (2024) 51:1037-1073

1062

(31N) pPueRI] UIYIION QN (] ‘PUB[I0IS UIRYINOS™ GIAS 1 PUL[I0OS [BIUID) ISOM ™ SINSIN ‘pue|
-100§ UIAISEH LN SPUE[S] PUE SPUBIYSTH 9IASI1-PUL[0DS UIdlsey YLON SINMN ST ISBT ¢ TN
SAQITRA
YT, PUB SO[BM ISOM TN U0AT HINAIIIOS JO SIS PUB [[EMUIO)” £ )1SIOWOS pue 19510
TN RRIE IEG/[0ISLIG PUE AIYSI[IAY DIYSIANSIINOLD [N NIUSN #MNIYSIM JO 9[S] pue 211ys
-dwey T¢I NXISSNG ISOAN PuR ISty ‘Ao1Ing” g3 IIYSpIoJX pue aarysweysunpong ‘ouysseg [N
JSOM JLION PUB ISOM—UOPUOT N~ L[ NYINOS — UOpUuoT IO 93N :Iseq YLoN
pue 1Seg—uopuo INQ” ISt — UOPUOTT IUU] $TM[):ISOM — UOPUOTT JouU]™ €IS Xssd™ ¢HMN
QIIYSPIONIOH PUE IYSpIojpeg  HNBISUY 1SeH [HN*SPUBIPIAL 1S9M €D N 2I1YSPIOfeIS
pue a11ysdoIyS ™~ gO S $QIYSIOIMIBA\ PUB JIYSIASIIIOA ‘QIMYSPIOJOIOH ™[O QIYSU[OUTT €3N
MUY
-uo)dweylIoN pue puBIny ‘QIysISAIIT ¢ I QNYSWRYSUNION pue dIYsAqIo [N QIYSNIOL
ISOM PHSINQIYSHIOA YINOS™ CS N QIYSYIOL YIION ZH SN QIYSU[OIUTT UIYLION PUB IYSHIOX
1Se [N OPISASIOIN LN RIYSAYD 9IS N RIYSeouRT H( N IISAYOURIA 19181 ¢ N
feLIquIn)” [ (T8I PUR SUA], pue puB[IoOqUINyIION gD N Weymn pue A9[[eA S99 D3N (1 =u)wopSury] pAaun €¢
IS YeulIrS ‘uewr
-leq ‘UIPIRN €Y LHD[eqIeAI( ‘emiues gOYLSIIY ‘uewelipy ‘dojueizen” [ DY L RPEH SIPIG
‘SN ‘UBA gL Teouny, ‘[oSurq ‘Sizerq ‘eKie[eN [ gL ueyepry ‘Nps[ sy ‘USy ¢viLimqieg
‘UBOUIZIY ‘WININZIF [ VY LOUBYSNWND ‘UIAMY ‘9ZIY ‘UNSAIID) ‘NPIQ ‘UOZqel] (6L eAseury
‘wnio)) eyo], ‘unswes” ¢gy I dourS ‘Ljue) ‘nuowelsey] gy Lunied nqerey yepinsuoz
TISULIBSZOX ‘SRAIS ‘LIOSARY LY LIYSITY IIYISAIN ‘OpSIN ‘AeIesyy Qespury [ LY LeAuewsQ
‘SeIewURWRIYRY] ‘AeleH QY [UISIOIN ‘BUBPY Oy LInping ‘elreds] ‘eAeiuy ™ [gy [ ueweres]
“BAUOY TG L BINUY [ GYLIBAO[EX N[Oy D0ZN( ‘BAIBNES ‘I[OBRD0Y  CHY L2 ‘IIYIssH
‘esing [HYLes) eAyeINy| “restyereuokyy ‘esIuey ¢ LIS ‘ZIud( ‘UIpAY geY L Wzl Y],

o[expeue)) ‘NsayIfeq ¢CYL PRI OUIPY ‘SepInl [TYLINQUEST OTYL (9g=u)Lorym, [43 wu
g

uwreu pue 9pod ¢ SLAN Anuno) ‘ON Sm.r

(ponunuoo) g aqey Gll



1063

Empirica (2024) 51:1037-1073

IO'N
porad 800Z-200T
Q) J10j anfea (1 NH) SezsioreA3ejy dozoy] ay)
POATS03I SUOISAI TSN ©IS9d Pue epng I0j SanfeA
ugow
[euoneu oy) Aq paoerdar axom porrad sy 10j sanfeA

sIsk[eue

JUQIIND I} WOIJ PIPN[IXS AIoM SUOIFT 95,

S00¢ ut 9[qe[reae
anyeA oY) YIIm paoedar sem (g I0J an[eaA Y],

000€L0OLS8
I 1=1:P6£86ABSHO6-L1176-8P-9C8P-P69
18996/3Pd" AAd NA-dd-900C 1 191-1/8L00+TS

/1T§S66T/siuauumsop/eIsoma/naedoma-oay/:sdny - $0-z00T TOLI ‘€LLI ‘SH.LI Aei
VIN 80-200T CINH ‘11NH Are3ung
V/N S0—+00C YOIH-€0dH BYSIBAIH

oNoARIN

‘uotungy] ey ‘oueAnn

‘onbrunaepy

V/N 02-2007 ‘odnofepens ‘Afoanoadsar ‘X ¥A

000€L0LS8

IV 1Y 1=3P6E86UBSHO6-L1Y6-98PY-2C8P-P69
18996/iPd"AAd"NHA-d 9-900C 1 191-1/8L00¥TS

/17SS667/SIuaumnoop/1e)soina/na edoina ooy :sdiy 00T d Jouelg
VIN 00T q11d
000€L0L8

IV 1Y 1=3P6E86UESHO6-L1Y6-98PY-2T8P-P69
18996/iPd"AAd ' NA-d9-900C 1 191-1/8L00¥TS

ON  /1T§S66T/siuaumoop/eisoma/naedoma-oay/:sdny - #0-z00T dild DI ‘614 puequl]
ueow [euoneu oy Aq paoejdar arom sonjea SUISSIA V/N S0-700C SOMA-103d Srewua(
(s)poyrowr uoneynduy 90INOS BIEP [RUONIPPY  POLIdJ suoIsoy Anuno)

soje1 Juowkordwaun 9[qe[reABUN JOJ SPOYIdW pue $eoInos uoneindwy ¢ ajqey

"€ 9[qR], 99

Z Xipuaddy

pringer

As


https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000
https://ec.europa.eu/eurostat/documents/2995521/5240078/1-16112006-BP-EN.PDF.pdf/9ec8169d-d82e-4dae-9417-90ff5ab9839d?t=1414687073000

Empirica (2024) 51:1037-1073

1064

S00T “Teak
SurroqyStau oY) 03 anfeA 00 Y} 19s am ‘0¢1d 10

900¢ ©1 san[eA GOOT PUB 00T 198 am ‘0zLd 104

ION

O'N

O'N
C10T—200T Uoamiaq ueawt
[euoneu o) pazifenba are sanfea ZO L1 Pue 1011

SuoI3a1 ¢S NN Surpuodsalriod Jo so3eIoAL PAIYSIOM

V/N

V/N
Jpdua"zzog 030t

-ysnqnj~emizpomafom ~KuzoK)sKyeis yruzoor
Wy 1 1°120T
-ur-dIySpPOATOA-a1SNQN[-UI-}ONIBW-INOGR]/S T
Ieres-1oqe[/suonesrqnd,ud/id-ao3-je)s-eiogeu

o[arz//:sdny sonsHE)S JO AMNSUT [BUOHEN PUB[OJ
/1INOARTMIIA

91q®Y/861¢ 1/91q8)MUBqIeIs/Uo/ou"qss mmmy/:sdny
/emoke MAIAB[qRI/A[qe)
/xd ™ AONdeIS TN pLLZed 880/LIOYENIPULT
Snugrydeis™ pnipentezed  JBISICN/ICISTRIA

Jud/qamxd/qap X/ wrAoS els-ieisyeur//:sdny

V/IN
SS[BJ=puIpSN US=IpSN
Tue=[ypANUN0d=WIpJI29 | [ )HI:UOISaIqNS=TIPI
29 ANUNOO=WIPI2PIs[eJ=A" purpui[=K o[eds2pa)el
TJuowAojdwoun=A"joWRY=W[IsuRp=s9q29
os[ej=[rens2p[=od£)0| #US=[29 AN UNOO=WIPIPIU
QwAojdwoun=A"jowp[=0dA1029 " 1syeggNnlIpl8l

=sp¢,2101dx9/e18po11qNd/W0 93003 MMmm//:sdNy

00C
S0—¥00¢

¢c-020C

¢c910¢C

7C—£00T

¢1-200C

¢1—200C

0€1ld
0TLld [eSnyi04

evld puelod

SON ‘YON ‘€ON ‘TON KemIoN

00N  BIUOPIOEIN YMON

20LT 1011 eluenpry

9041 ‘SOHI ‘v0dI puefaly

(s)poyowr uoneynduy

90IN0S BIEP [RUONIPPY

potd

pringer

suoI3oy Anuno)

As

(ponunuoo) ¢ s|qey


https://www.google.com/publicdata/explore?ds=j8jdrju88aksr_&ctype=l&met_y=unemployment&rdim=country&hl=en#!ctype=l&strail=false&bcs=d&nselm=h&met_y=unemployment_rate&scale_y=lin&ind_y=false&rdim=country&idim=subregion:IE011&ifdim=country&hl=en_US&dl=en_US&ind=false
https://www.google.com/publicdata/explore?ds=j8jdrju88aksr_&ctype=l&met_y=unemployment&rdim=country&hl=en#!ctype=l&strail=false&bcs=d&nselm=h&met_y=unemployment_rate&scale_y=lin&ind_y=false&rdim=country&idim=subregion:IE011&ifdim=country&hl=en_US&dl=en_US&ind=false
https://www.google.com/publicdata/explore?ds=j8jdrju88aksr_&ctype=l&met_y=unemployment&rdim=country&hl=en#!ctype=l&strail=false&bcs=d&nselm=h&met_y=unemployment_rate&scale_y=lin&ind_y=false&rdim=country&idim=subregion:IE011&ifdim=country&hl=en_US&dl=en_US&ind=false
https://www.google.com/publicdata/explore?ds=j8jdrju88aksr_&ctype=l&met_y=unemployment&rdim=country&hl=en#!ctype=l&strail=false&bcs=d&nselm=h&met_y=unemployment_rate&scale_y=lin&ind_y=false&rdim=country&idim=subregion:IE011&ifdim=country&hl=en_US&dl=en_US&ind=false
https://www.google.com/publicdata/explore?ds=j8jdrju88aksr_&ctype=l&met_y=unemployment&rdim=country&hl=en#!ctype=l&strail=false&bcs=d&nselm=h&met_y=unemployment_rate&scale_y=lin&ind_y=false&rdim=country&idim=subregion:IE011&ifdim=country&hl=en_US&dl=en_US&ind=false
https://www.google.com/publicdata/explore?ds=j8jdrju88aksr_&ctype=l&met_y=unemployment&rdim=country&hl=en#!ctype=l&strail=false&bcs=d&nselm=h&met_y=unemployment_rate&scale_y=lin&ind_y=false&rdim=country&idim=subregion:IE011&ifdim=country&hl=en_US&dl=en_US&ind=false
https://www.google.com/publicdata/explore?ds=j8jdrju88aksr_&ctype=l&met_y=unemployment&rdim=country&hl=en#!ctype=l&strail=false&bcs=d&nselm=h&met_y=unemployment_rate&scale_y=lin&ind_y=false&rdim=country&idim=subregion:IE011&ifdim=country&hl=en_US&dl=en_US&ind=false
https://makstat.stat.gov.mk/PXWeb/pxweb/en/MakStat/MakStat__PazarNaTrud__StapkiDrugiIndikatori/088_PazTrud_Mk_StapNev_ml.px/table/tableViewLayout2/
https://makstat.stat.gov.mk/PXWeb/pxweb/en/MakStat/MakStat__PazarNaTrud__StapkiDrugiIndikatori/088_PazTrud_Mk_StapNev_ml.px/table/tableViewLayout2/
https://makstat.stat.gov.mk/PXWeb/pxweb/en/MakStat/MakStat__PazarNaTrud__StapkiDrugiIndikatori/088_PazTrud_Mk_StapNev_ml.px/table/tableViewLayout2/
https://makstat.stat.gov.mk/PXWeb/pxweb/en/MakStat/MakStat__PazarNaTrud__StapkiDrugiIndikatori/088_PazTrud_Mk_StapNev_ml.px/table/tableViewLayout2/
https://www.ssb.no/en/statbank/table/13498/tableViewLayout1/
https://www.ssb.no/en/statbank/table/13498/tableViewLayout1/
https://zielonagora.stat.gov.pl/en/publications/labour-salaries/labour-market-in-lubuskie-voivodship-in-2021,1,14.html
https://zielonagora.stat.gov.pl/en/publications/labour-salaries/labour-market-in-lubuskie-voivodship-in-2021,1,14.html
https://zielonagora.stat.gov.pl/en/publications/labour-salaries/labour-market-in-lubuskie-voivodship-in-2021,1,14.html
https://zielonagora.stat.gov.pl/en/publications/labour-salaries/labour-market-in-lubuskie-voivodship-in-2021,1,14.html

1065

Empirica (2024) 51:1037-1073

SN pPoyIowW [EUONIPPE OU/sASULYD BIEp OU = )N 9[qR[IBAR JOU AINOS JOYIO=V//N,

:SNO wo1j 221n0s 3y} Sursn panduwiod
‘ueowt [SINN Aq e juswkodwaun ayy Indur op

O'N

IO'N

IO'N

juarInd/z(xaSeAqiuowkodwauneuordal
/s1eserepuawKojdwauny/yromunoudjdoadpoyre
wnoqe[puejudwiojdwanao3 suommm//:sdny  12—-0z20¢ SuoI3aI [y SN

3pd £69.STLy/3pd/prOjumop N oe-a100//:sdny

16 o[qe[reAt ‘49—¢9 "dd ‘1 x1puaddy (1)¢T ‘sar

-pmiS OIWOUO0OH [BI0JO9S pUE [BUOISY ‘AosjIng, Jo

SUOISOY WIOIJ QOUIPIAT :9OUITIOAUOD) UOTRPU]
pue 20ud)sIsIdg Judwioidwoun) (¢1(7) 108z0n ‘D +00C suo13al [y

Jpd-siskeuy oz 41N
TeINOT%M0qe 10T peAleIuy AnL XAN.Ls
TINF A/SQIYAIneep/syis/Sio-punySpurmmm//:dny
Jpd-0€ 1Jo1IgYDILISIY/90/S TOT/SP
ro[dn/jua)uod-dm/1 npa-1yaseoyeq ueiaq,/:sdiny S00T suoIgal [y

oSed qom s somsneIS JO IMISUT [eUONEN YSDNT,
3} UO PUNOJ 1M SAN[BA [BUOT)IPPE Y} JO ISOIN  7Z—120T suoIgaI [y Koyng,

(s)poyowr uoneynduy

92INOS BJEP [RUONIPPY  POLIdDJ suo13oy Anuno)

(ponunuoo) ¢ s|qey

pringer

As


https://betam.bahcesehir.edu.tr/wp-content/uploads/2015/06/ResearchBrief130.pdf
https://betam.bahcesehir.edu.tr/wp-content/uploads/2015/06/ResearchBrief130.pdf
http://www.mdgfund.org/sites/default/files/YEM_STUDY_Turkey_Antalya%20Labour%20Market%20Analysis.pdf
http://www.mdgfund.org/sites/default/files/YEM_STUDY_Turkey_Antalya%20Labour%20Market%20Analysis.pdf
http://www.mdgfund.org/sites/default/files/YEM_STUDY_Turkey_Antalya%20Labour%20Market%20Analysis.pdf
https://core.ac.uk/download/pdf/47257693.pdf
https://www.ons.gov.uk/employmentandlabourmarket/peoplenotinwork/unemployment/datasets/regionalunemploymentbyagex02/current
https://www.ons.gov.uk/employmentandlabourmarket/peoplenotinwork/unemployment/datasets/regionalunemploymentbyagex02/current
https://www.ons.gov.uk/employmentandlabourmarket/peoplenotinwork/unemployment/datasets/regionalunemploymentbyagex02/current

1066

Empirica (2024) 51:1037-1073

Appendix 3

See Fig. 8.
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Appendix 4

See Table 4.

Table 4 Statistical results related to resilience measures or its components for 2008—11 shock

Sub-period

Num

of regions

Assumption tested

% of models that accomplish the assumption

Slope_before

TUR

LR

REC

2002-07

2003-07

2004-07

2007-08

2007-09

2007-10

2007-11

2008-12

2009-12

2010-12

2011-12

Overall

n=281

n=95

n=114

n=114

sum of n

Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality
Residual homoskedasticity
Overall model significance
Residual normality

Residual homoskedasticity

33.1%
95.9%
92.8%
0%
100%
100%
37.1%
97.1%
100%
NC

33.4%
96.1%
93.6%

34.4%
94.3%
94.3%
0%
100%
100%
31.4%
97.1%
97.1%
NC

34.1%
94.6%
94.6%

NC

NT

5.8%
NT

46.3%
97.9%
100%
76.3%
100%
94.7%

46.1%
99.0%
97.1%

NC

81.8%
95.5%
100%
57.0%
96.5%
100%
16.8%
NT

NT

40.9%

96.2%
100%

NT= not tested due to small sample size; NER= not estimated by regression model; NC=not the case/
metric definition does not include the period
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Appendix 5

See Table 5.

Table 5 Statistical results related to resilience measures or its components for 2014—16 shock

Sub-period ~ Num Assumption tested % of total regions which accomplish the
of regions assumption
Slope_before  TUR LR REC
2012-13 n=317 Overall model significance NT NER NC NC
Residual normality
Residual homoskedasticity
2013-14 n=231 Overall model significance =~ NC NER NT
Residual normality
Residual homoskedasticity
2013-15 n=>51 Overall model significance 17.6%
Residual normality NT
Residual homoskedasticity
2013-16 n=35 Overall model significance 45.7%
Residual normality 94.3%
Residual homoskedasticity 100%
2014-17 n=231 Overall model significance NC 76.2%
Residual normality 95.7%
Residual homoskedasticity 100%
2015-17 n=51 Overall model significance 39.2%
Residual normality NT
Residual homoskedasticity
2016-17 n=35 Overall model significance NT
Residual normality
Residual homoskedasticity
Overall sum of n Overall model significance ~ NT NER  29.1%  69.5%
Residual normality 943%  95.7%
Residual homoskedasticity 100% 100%

NT =not tested due to small sample size; NER =not estimated by regression model; NC=not the case/
metric definition does not include the period
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Appendix 6

See Table 6.

Table 6 Statistical results related to resilience measures or its components for 2020-22 shock

Sub-period ~ Num Assumption tested % of total regions that accomplish the
of regions assumption
Slope_before TUR LR REC
2017-19 n=317 Overall model significance  28.1% NER NC NC
Residual normality NT

Residual homoskedasticity

2019-20 n=164 Overall model significance =~ NC NT
Residual normality
Residual homoskedasticity

2019-21 n=130 Overall model significance 30.0%
Residual normality

Residual homoskedasticity

2019-22 n=12 Overall model significance 16.7%
Residual normality 100%
Residual homoskedasticity 100%

2020-22 n=165 Overall model significance NC 24.8%
Residual normality NT

Residual homoskedasticity
2021-22 n=136 Overall model significance NT
Residual normality

Residual homoskedasticity

Overall sum of n Overall model significance ~ 28.1% NER  28.7%  24.8%
Residual normality NT 100%
Residual homoskedasticity 100%

NT= not tested due to small sample size; NER= not estimated by regression model; NC=not the case/
metric definition does not include the period
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